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Estimating the Parameters of Simple Linear Regression
Model Using Bootstrap Method, Under Heteroscadasticity
with Quadratic and Radical Function form

Abstract

Estimating the parameters of linear
regression model under heteroscadas-
ticity with Quadratic and radical func-
tion form using Bootstrap Method, The
study showed the superiority of the Pa-
irs Bootstrap on the Residual Bootstrap
and OLS methods in case of Quadratic
pattern of variance, according to the cr-
iterion of the standard error of the est-
imator, Simulation study shows Pairs
bootstrap estimators have the highest
proportion of repetition (PR) and lowest
average standard error for Small and
medium sample sizes. While outperfor-
ming ordinary least square gives results
better than bootstrap methods in the
case of a radical pattern of variation of
the random error term

Key words
Hetroscedacticity, Resampling, Boots-
trap.
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OLS Standard error 1.4265 0.8849 0.7441
Pairs Residual Pairs Residual Pairs Residual

number of bootstrap St-
andard error less than 88% 66% 100% 53% 0% 47%
B =1000 | OLS Standard error

Bootstrap Standard err-
or means

1.3822704 | 1.419396 | 0.835941 | 0.883121 | 0.996275 0.743959

number of bootstrap St-
andard error less than 91% 71% 100% 58% 0% 36%
B =1999 | OLS Standard error

Bootstrap Standard err-
or means

1.385897 | 1.418714 | 0.833356 | 0.881961 | 0.992456 0.748568

number of bootstrap St-
andard error less than 94% 73% 100% 53% 0% 39%
B =3000 | OLS Standard error

Bootstrap Standard err-
or means

1.387215 | 1.419766 | 0.833358 | 0.883736 | 0.992909 0.746814
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