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An Evaluation of Some Generalized Auto Regressive
Conditional Heteroscedasticity Models (GARCH)
""An Econometrics Study"*

Abstract

The contributions of error distr-
ibutions have been ignored while
modeling stock market volatility
in Egypt and studies have shown
that the application of appropriate
error distribution in volatility mo-
del enhances efficiency of the m-
odel. Using some listed compa-
nyies in the Stock Egyptian Exc-
hange, this study estimates sym-
metric and asymmetric volatility
models each in Normal, Studen-
t’s-t and generalized error distrib-
utions with the view to selecting
the best forecasting volatility mo-
del with themost appropriate err-

or distri-bution.The results sugg-
est the presence of leverage effect
meaning that volatility responds
more to bad news than it does to
equal magnitude of good news in
some cases.The last Thirty days
out-of-sample forecast adjudged
GARCH and Exponential GAR-
CH models as the best predictive
model based on Mean Square
Error. The study therefore recom-
mends that empirical works sho-
uld consider alternative error dist-
ributions with a view to achieve-
ng a robust volatility forecasting
model.
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- GARCH [ARMA | Distribution| °F
EGARCH(1,2) | ARMA(0,1) std 0.000800285
ol gkl el
'~ EGARCH(LD) | ARvAGD) | s [[CCOIeRe
GARCH(1,1) | ARMA(0,1) ged 0.000593964
astia s jae | GARCH(1,2) | ARMA(L,0) ged !
GARCH(1,2) | ARMA(1,1) ged 0.000594681
EGARCH(1,2) | ARMA(L,0) ged | 00003239 |
OO sy gud)
exd G ARCH(L2) | ARMAQLY) ged 0.000324115
GARCH(1,1) | ARMA(1,1 std
Allall @l Laiadl dalsl) (1) (1) -
GARCH(2,1) | ARMA(1,1) ged 0.000260204
GARCHLY | Arvaa0) | ged |
4903l e luall duea
GARCH(1,1) | ARMA(0,1) ged 0.000804951
N APARCH(2,1) | ARMA(0,1) std
5;3}“}
APARCH(L.2) | ARMA(1,0) std
| TGARCH(2,1) | ARMA(L,1) std
B.\A.mm‘)ﬁ)g\
EGARCH(1,2) | ARMA(1,0) std 0.001270314
cARCHEZY) |AmwAcD | o O
olaall 44,
GARCH(2,1) | ARMA(1,0) std 0.000517591
GARCH(1,1) | ARMA(1,1) std 0.000176637
Cuiand Ay jall
carcHy | Arwacs | ged RN
GARCH(1,1) | ARMA(0,1) std 0.000192189
GARCH(1,1) | ARMA(L,1) std
GARCH(1,1) | ARMA(L,1) std
Goaliad) Claaiiall 4y peadl)
GARCH(1,2) | ARMA(1,1) ged 0.000278766
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11.15 1.021283327 10.72343 1.021262901 10.72481
11.25 1.021620406 11.14296 1.021589758 11.14569
11.8 1.021926938 11.2429 1.0219065 11.24267
11.8 1.022233562 11.79255 1.022202896 11.79274

12 1.022509602 11.79255 1.022478928 11.79268
12.18 1.022775489 11.99243 1.022744807 11.99256

12 1.023031215 12.17231 1.023000525 12.17245

12 1.02326654 11.99243 1.023235842 11.99256

12 1.023491683 11.99243 1.023460979 11.99256
11.75 1.023716876 11.99243 1.023675928 11.99256
11.9 1.02392164 11.74258 1.023880684 11.74272
11.05 1.024116203 11.89249 1.02407524 11.89262
11.19 1.024300561 11.04303 1.02425959 11.04315

11 1.024474707 11.18294 1.024433729 11.18306
10.19 1.024648882 10.99306 1.024607897 10.99318

11 1.024802591 10.18357 1.0247616 10.18368
10.9 1.024956323 10.99306 1.024915326 10.99318
10.98 1.025110078 10.89312 1.025058824 10.89324
10.93 1.025243351 10.97307 1.025202342 10.97319
10.9 1.025376641 10.9231 1.025335627 10.92323
10.9 1.025509949 10.89312 1.025458675 10.89324
10.9 1.025622761 10.89312 1.025581737 10.89324
10.9 1.025745843 10.89312 1.025694557 10.89324
10.9 1.025848423 10.89312 1.02580739 10.89324
10.91 1.025961273 10.89312 1.025909976 10.89324
11.15 1.026053613 10.90311 1.026012572 10.90324
11.39 1.026156224 11.14296 1.026104917 11.14309
11.25 1.026248582 11.38281 1.026197271 11.38294
11.25 1.026330685 11.2429 1.02627937 11.24303
11.3 1.026412795 11.2429 1.026371739 11.24303
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